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INTRODUCTION Cleo is a magazineaimed at female readers from eighteen to thirty-five years of age.First published in Australia in 1972,it celebratedits twenty-fifth birthday byreproducing all threehundred ofits front coversin its November 7997spectacular with Kylie Minogue asits model on the cover.The first and last twenty coversfrom the quarter of a century of CIeoarereproducedasFigures2.1 and2.2 respectively. What differencescan be seenif one comparesthe two groups of covers published 23-5 yearsapart?How has Cleo's'image' (and the imageswhich make up its'image') changed?To answerthis, either in conversationat the hairdresser'sor as an academicthesis,requiresidentification of observabledimensionsofthe imagesin question(for example,arethe modelswho aredepictedolder or differentlydressed?), as well as a judgement about how frequently various visual featuresappearin the periodsthat one choosesto compare.In short, the answerrequiresa (visual)content analysis. This chapteroutlines the assumptions,practices,limitations and advantages ofexplicit, euantifiableanalysisofvisual contentasa researchmethod.It then returns to the Cleocoversto exempli4rthe process.



CONTENTANALYSIS AND WHEN IT CAN BE USED Generalizationsabout what is shown on television,in the pressor in advertisements requireobservable,more or less'objective'evidence.Considerthe ubiquitous claims and counter-claimsabout, say,the depiction of women in magazineadvertisements or the prevalenceand effectsof televisualor cinematicviolence.When suchissuesare debated,the frequencyand the meaning of identifiableclassesof discretevisual content are at stake(asopposedto more complex forms like narrativestructuresor the complexitiesof different genres). Whether it is explicitlylabelled content analysisor not, making generahzations about the relativefrequenciesofvisual representationsof particularclasses of people, actions, roles, situations or eventsinvolves implicit or explicit classificationand quantification of media-circulatedcontent.
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Figure 2.1



The first twenty covers of a quarter of a century of Cleo magazine (1972-741.
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Figure 2.2



The last twenty covers of a quarter of a century of CIeo magazine (1996-7).
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Not surprisingly, therefore, content analysishas provided one of the most widely cited kinds of evidencein Media Studiesfor many decades.First, in relation to newspapersand radio (for you can analyseverbal content as well as visual) and,later, directedat televisionand occasionallyat the cinema.Perhapsthe method 'commonsense'way to researchwhat hasbeenwidely usedbecauseit seemslike the the media show,or becauseit appearsto requirelittle theoreticalanalysis.In short, it is the most basicway of finding out somethingabout the media'smeaningand allows for apparentlygeneralstatementsto be made about aspectsof representationwhich non-specialists,journalists and expertsalike can understand.However,aswill be clear in the following discussion,content analysisis quite a technicalprocedure.It is also of limited valuein many researchcontexts,and might bestbe thought of asa necessary but not sufficientmethodologyfor answeringquestionsabout what the mediadepicts or represents.Content analysisaloneis seldomableto support statementsabout the significance,effectsor interpreted meaning of a domain of representation.For example,using content analysisto show that prime-time televisiondepicts a high level of physicalinter-personalaggressiondoesnot, by itself, show that viewersare affectedin any particularway (eitherby imitating what they seeor by inhibiting their own aggressive behaviours).Claimsabout the effectsofwhat is shownraisequestions which need to be addressedby further, different kinds of researchwhich are not consideredin this chapter(seeChapters4 and 9). Let us now become more preciseand technical in defining and describing the range of proceduresfor visual analysisthat content analysisrefers to. First, a generaldefinition: content analysisis an empirical (observational)and objective 'audio-visual' (including verbal) representation procedurefor quantifnrg recorded using reliable,explicitly definedcategories('values'on independent'variables'). To illustrate each component of the definition, considerthe exampleof aboutwomen and men in advertisementsin making generalizations/representations 'men's' 'women's' magazines.To beginto observehow women and men comparedwith are depictedrequiresan explicit hypothesis(or hypotheses)without which the comanalysed. plex field is too diverse,ill-defined and thereforeunableto be systematically (expectation) or So content analysisbegins with some precisehypothesis questionabout well-definedvariables.In our example,thesevariablescould include types of magazine,size of published advertisement,(defined) pose of represented models (say,standing,seated,walking, running) and depictedcontext (e.g.office, home, outdoors). One explicit hypothesismight be that women will be depictedin fewer outdoor situationsthan men, in both kinds of magazines.Only when one or more hypothesisis formulated will the relevantvariablesbecomeapparent. Note that the kinds of hypotheseswhich content analysisusuallyevaluatesare comparative.That is, the researcheris usuallyinterestedin whetherl sol, women are depictedmore or lessfrequentlythan men in relation to somevariableor quality, not in the absolute frequency of certain depictions taken in isolation. Obviously, 'outdoor' settings, if 20 per cent of women in televisioncommercialsare shown in thesedata tell the researchervery little unlessthe comparablefrequencyfor men (in otherwisesimilar contexts)is known. Content analysisis usedto testexplicitly comparativehypothesesby meansof quantification of categoriesof manifestcontent.
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Let us continue discussingour (admittedly quite simplified) examplesby drawing attention to other aspectsof content analysis.First, the choice of the scope,number or scaleof the visualcontentto be studiedmust be explicitlydescribed before detailed observationsbegin. This involves deciding what 'corpus' or what 'sample size'or what'field' or 'domain' of representationis to be studied:how many magazines,how many advertisements,how many editions of one or more newspapers, and so on (seeChapter3). For example,becauseit is comparative,a hypothesismight specif. two or more periods (say,five yearsbefore World War II and five yearsafter) during which to comparesomeaspectsof genderrepresentation.BecauseWorld War II brought women increasinglyinto the paid workforce this hypothesiswould be of sociological interest. In all such cases,the question arisesof how many data are enough?Can we generalizefrom our samplesofimages to the population from which it has been selected?This question ultimately requires statistical decisions and inferences,but it is clearlyimportant to ensurethat the corpus (the sample(s))is representativeof the variablesspecifiedin the relevanthypotheses.Obviously, if a researcheronly samplesfrom one women's magazinesheor he could not generalize the findings to all women's magazines,nor evendraw conclusionsabout the particular magazinebeyond the period sampled.(Women's magazineshavechangedradically in the last severalyears.)We will return to this issueafter outlining the technical proceduresto follow when conducting a well-designedcontent analysis. To summarize this introductory discussion:visual content analysisis a systematic,observationalmethod usedfor testinghypothesesabout the waysin which the media representpeople,events,situations,and so on. It allowsquantification of samplesof observablecontent classifiedinto distinct categories.It doesnot analyse individual imagesor individual'visual texts' (comparedwith psychoanalyticalanalysis, discussedin Chapter6, and semioticmethods,discussedin Chapterc4,7 and 9). Instead, it allows description of fields of visual representationby describing the constituentsof one or more definedareasof representation, periodsor typesof images. Typical researchquestionswhich may be addressedusing content analysis include: 1 Questions of priority/salience of mediacontent:howvisible(howfrequently, how large,in whatorderin a programme)differentkindsof images,stories, 'AgendaSetting'studiesof newsbroadcasts eventsarerepresented? wouldbe an exampleof thiskind of question. 2 Questions of 'bias':comparative questions priabouttheduration,frequency, ority or salience of representations poliof, say,politicalpersonalities, issues, cies,or of 'positive'versus'negative' features of representation. 3 Historicalchanges in modesof representation ol for example, gender,occupational,class,or ethicallycodifiedimagesin particulartypesof publications or television genres.



WHAT TO ANALYSE: 'ITEMS'AND 'TEXTS' 'content' What is the of content analysis?As the examplesmentioned already indicate, the material analysedby meansof content analysismay be visual, verbal,
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graphic, oral - indeed, any kind of meaningful visual/verbalinformation. To analyse is to break a thing down into its constituent elements.So the visual/verbalunits of meaningwhich are the objectsof content analysisare those definedby the medium in which they are produced as isolable,self-containedor separate,like paragraphs, 'texts'whether or not framed images,pagesor news photographs.I will call these (on television) they are verbal.A displayadvertisementis a visual text. A newsitem is also a text, becauseit has a clear frame or boundary within which the various elementsof sound and image'cohere','makesense'orarecohesive.Texts,then, are definedwithin the context of a particular researchquestion and within the theoretical categoriesof the medium (gallerypainting, television)and genres(suchasportraits, newsor'soaps') on which the researchfocuses. The textsthat are to be analysedare the meaningful and cohesiveunits framed within the medium and genre(s)at issue.Visual content analysisusually isolates framed images(in publications) or sequencesof representation(scenesor shotsin television or film). But, unlike semiotic analysis,content analysisclassifiesall the 'variables' in this chapter) to texts on specifieddimensions (what will be called 'reading' or interpreting each describethe field or totality. It is not concernedwith text individually. By contrast, semiotic analysisis qualitative and usually focuseson eachtext or text-genrein much the way that a critic focuseson a particular gallery painting or on the aestheticsor cultural connotationsof a particular film or classof films (seeChapters4, 7 and 9; in addition, Chapter5 demonstratesan iconographic approachto individual textsand Chapter6 describesa psychoanalyticalapproachto individual texts).



HOW TO DO CONTENT ANALYSIS Like all researchmethodologies,content analysisis an effectiveprocedure only if precise hypothesesand clearly defined concepts underpin its use. Categoriesof (visual) content must be explicitly and unambiguously defined and employed consistently('reliably') to yield meaningful evidencerelevantto an hypothesis.To observeand quantift categoriesof content it is first necessaryto define relevant variablesof representationand/or salience.Then, on each variable, valuescan be distinguished to yield the categoriesof content which are to be observed and quantified. The conceptsof variablesand valuesare critical to an understandingof the procedure,so I will define thesemore completelybelow.



Variables Visual or verbal representationsdiffer from each other in many ways - on many dimensions or qualities. A content variable is any such dimension (size, colour range,position on a pageor in a newsbulletin); or any rangeof options of a similar tlpe which could be substitutedfor eachother - for example,a list of represented 'settings' such as participants (male/female;adult/child) or a number of alternative kitchen, bathroom, street,automobile,shop,and so on. Variableslike size,represented
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participants,settings,priority, duration and depictedrole consistof the setof options which are of the same classor type as defined for the purposes of the research project.Notice that in content analysisa variablerefersto aspectsof how something is represented, not to'reality'. Soif someoneis shownaselderlyin a television'soap' (by meansof make-up or clothing) it is this which the researcherobserves,judges and classifies,not the 'real' ageof the actor. This point is sometimesreferredto as judging the 'manifest content' of an image or text. It is the content as represented that is analysed,not some independentlyor 'externally' defined, and certainly not any aspectof 'reality' not actuallydepicted.So all the variablesdefined are thoseon which particular representationsdiffer from one another.



Values A variable consistsof what we will call values. These are elementswhich are of the samelogical kind. That is, elementscan be substitutedfor each other because they belong to the sameclass:theseconstitute the values on a particular variable. For example,all the occupationalroles in which people are, or could be depicted in television commercialswould constitute a variable. But such a 'role' variable would be distinct from, say,the variableof 'depictedphysicalsetting', from which it is conceptuallyindependent.Of course,somerolesusuallyoccur in particular settings,but that is an empirical contingencyand doesnot implythat the two variables arethe same(Chapter9 providesa more detaileddiscussionof this issue).To ensure that one does not confusetwo variables,a useful test is as follows: could a defined value on one variablebe substitutedfor another on that variableor not? If not, one has confusedtwo distinct variables. To summarize,then, a content analysisbeginswith the definition of relevant variablesand of the values on each.Each variable is logically or conceptuallyindependentof everyother distinguishedin a particular researchproject. The valuesdefined on each variable should also be mutually exclusiveand exhaustive(another technicalcriterion which will be discussedbelow). Schematically,the specificationand definition of variablesand the valuesof eachcanbe representedasin Table2.l.Here, four variableshavebeendistinguished. Within each,a different number of valueshavebeenspecified.In researchon gender representation,to continue one of our hpothetical examples,the table might appearasin Table2.1. Note againthe logic of sucha system:eachvariableis independentof all others. All valueson a given variable are then mutually exclusive:any observedelement of representationcan only be classifiedinto one value on eachvariable,and valuesthat are defined should be exhaustive- the values should cover all the possiblecategorizationson the respectivevariable.This may require a'miscellaneous'or'other' valueto be allowedon somevariablesasit is not alwayspossiblefor the researcherto anticipatethe completerangeof values(for instance,occupationalroles,to continue our example)that maybe found during the courseof research.So'politician' maybe a valueor role which is only infrequently found. It may be included in a 'miscellaneous'
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value if its limited visibilify is not consideredimportant for the hypothesesbeing evaluated.However, the fact that a role is only infrequently depicted may be of great interestto the researcher,in which casesucha valueshould be explicitly included in the rangeof valueswhich make up the definedvariable. on four Table2.1 Genderdepictions hypotheticalvalues in magazine advertisements: variables. Variables



Fnod Male
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Sded;
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Domestic



Fullpage



Public



Half full page



Nurse Values



Female



Business executive Flightattendant



More than half page



Teacher



Double page



5*



4



* These values are purely indicative; in fact there are likely to be many more values on this variable.



Definitions of variables andvalues The principal difficulty confronted by researcherswishing to conduct a comprehensive content analysisis to define unambiguouslyboth the variablesand valuesso 'coders') that observers(usuallycalled can classifrrepresentedcontent consistently (reliably). 'categories',I Insteadof speakingof have distinguishedvariablesand values. Eachvariable,and within it eachvalue, should be defined in terms of one principal featureof representation. This is important evenwhen a variableis physicaland seems 'duration' (in to be relatively unambiguous. The seconds)of television advertisementsis clearlyanunambiguousmeasure,butthe sizeofdisplayadvertisementsmay not be. Magazinesvary in size.So the absolutesize (areain squarecentimetresor inches) of an item such as an advertisementmay not be an appropriatevariableto allow comparison acrossmagazines.If it is not, the researcherneedsto define the variable(size)and its valuesto bestdemonstratecomparativesalienceor'noticability . In the example in Table 2.1 this was done by classifting the size of the published advertisementrelativeto a standardpageof the respectivepublication (astwo page, one page,half page,etc.). 'subjective'variables(thosewhich require codersto make subjective Other judgement) demand very clear definitions and criteria. Otherwisejudges (coders)
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may apply inconsistentcriteria, or one coder may changeher or his criteria through the courseof coding a largenumber of instances. Apart from physicalfeaturesof imagesor other visual items (such as size, duration and monochrome/colour) the overalltopic or subjectof newsitems or the product categoryof advertisements will generallybeof interestto researchers. In such cases,the questionof the appropriatescaleof analysisbecomesimportant. Doesone needto define,say,cameraanglesor shotlengthsin relation to representedparticipants (suchaspolitical figures)in analysingtelevisionnews?Or is a globaljudgementabout the focus of news items all that is required?In the latter case,the variable will be namedsomethinglike 'newsstory topic', and valueswill be definedto permit coders to classiftitems to showthe 'agenda'of issuesof one or more newsprogrammes.For instance,Bell et al. ( 1982)comparedthe agendasof differentnetworks'newscoverage during an Australian Federal (National) Election by defining values such as the following on the'news topic' variable:



(a) Celebrities & personalities: Major emphasis givento the personality(ies) per se, ratherthan their expertise or skills.Item focuses on the personasnewsworthy owing to glamour/wealth/bravery/prestige, or as embodimentof someother desirable or undesirable characteristic(s). Excludes Vice Regal,Monarchy(see ViceRegal& Monarchy).Forexample: Kirk Douglasarrivesfor AustralianFilmAwards. Formerbeautyqueengraduates from policeacademy. (b) Crime: Major emphasisgivento the manifestcriminal eventor its consequences: robbery,murder,swindlesetc.or to technicalor biographical stories of crime/criminals. For example: Inquiry into penetrationof the Paintersand DockersUnion by organized crime. Iewel thievesarrested. (c) Disasters:Major emphasisgiven to climatically induced phenomena causing human suffering (flood, heatwaves),geologicalevents of similar kind (earthquakes,avalanches).Excludesaccidents(seeAccidents & ChanceEvents).For example: Newcastledistrict bushfire. New South Wales Government aid to drought areas.



As these definitions show, coding something as complex as audio-visual news stories demands general, yet precise definitions. The kinds of data that are yielded by analysing a large corpus of material such as television news coverage during an election campaign are illustrated in Table 2.2 taken from the same research monograph.
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Duration of content emphasis categories in rank order, pre-election period, per se and as percentage of total Channel 9 broadcast time.



Sport FederalElection



112:16 81:38



24.6 17.9



1Oo/o Accidentsand chance events Crime Celebrities and personafities Disasters War Arts, entertainment and leisure Demonstrationsand protests Health and safety Investmentand shares



35:31 27:42 24:24 23:00 21:21 13:OO 11:45 1O:12 9:21



7.8 6.1 5.3 5.0 4.7 2.8 2.6 2.2 2.O



2o/o Economy Industrial relations and disputes Prisons Defence Energy Elections - other Internationalrelations Vice regal and monarchy



7:51 7:'17 7:17 6:50 6:48 6:01 5:51 5:25



1.7 1.6 1.6 1.5 1.5 1.3 1.3 1.2



3:58 3:32 3:23 3:02 2=54 2:36 2:28 1:55 1:50 'l:42



0.9 0.8



1o/o Police Legal Security Transport Science,medicineand technology Environment Minerals and resources Communications Administration Rural Trade unions Weather Socialwelfare Employment Education



1:40 1:37 1:30 O:25 O:22



o.4 o.4 o.4 o.4 o.4 0.3 0.1 0.1



Oo/o Aboriginalaffairs Animals Housing Migrant and ethnic affairs Religion Women's issues



0:OO 0:OO O:0O O:00 0:OO 0:00



0.oo 0.oo 0.oo 0.oo o.oo o.o0



Total time



7236=24



o.7 o.7 o.6 0.6 0.5
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Note that some content values are not representedin Channel 9's coverage. 'agenda' Thesemay be very significantasabsences(asissuesnot onthe broadcaster's despitetheir sociopoliticalimportance, for instance,the low priority of Aboriginal issues). 'micro'-level variablesthan does Visual content analysismay focus on more the above.Indeed, there is no limit to how preciseand finely grained an analysis may be other than the ability of the researcherto define clearly,and codersto apply reliably, the specifiedcriteria. Whether a model smiles or not, whether they look at the camera,whether they are clothed in certain ways,their skin or hair colour, can all be subjectedto content analysisand then to quantification. But whether a 'young' model is'attractive', or'American' (asdepicted)is unlikelyto be clearlyand unambiguouslydefinable.This is becauseeachof thesevariablesis a compositeof 'size' (above)eachwould require analysisinto specific more specificvariables.Like dimensions (variables)of definablevalueswhich are one-dimensionalrather than 'composite'(and thereforepotentiallyvague).



andcross-tabulations results:comparisons Quantitative Content analysisclassifiesextensivefieldsof representationin quantitativeterms.As was emphasizedearlier in this chapter,the kinds of hypotheseswhich such quantificationhelpsto testarethosewhich compareone field of representationwith another. 'men's' and'women's' The examplesreferredto aboveincludedcomparisonsbetween roles. The data of gender representations in terms ofvisual magazineadvertisements published setout in Table2.2 arenot comparative.However,that tablewasoriginally with relevantcomparisontablesshowing how other televisionchannelsprioritized their respectiveagendasduring the sameperiod (accordingto the samevariablesand values,of course).Suchtabulation of databy more than one variable(here,television station by topics) is typical of the comparativecross-tabulationswhich result from content analysis. Another exampleillustratesthis more succinctly.In Table2.3, adveftisements showing one or more femaleor male figures,or parts of the body (for example,an arm wearinga watch), or groups of malesor females,havebeen analysedaccording 'visual modality' of the respectiveadvertisementpublished in popular to the 'Modality' here refersto the 'truth value' or credibility of (linguistically magazines. realized)statementsabout the world (Kressand van Leeuwen,1996)(seeChapter7). 'representpeople,placesand things Theseauthorspoint out that visual imagesalso asthough they arereal. . . or asthough they areimaginings,fantasies,caricatures,etc.' (Kressand van Leeuwen,1996:161).The datain Table2.3 arebasedon definedvalues of modality accordingto visualfeatureswhich havethen beencross-tabulatedby the participants(persons). genderof represented Thesedata support the following conclusions(among others): 'factual'styleadvertiseI Malesare more likely than femalesto be shownin ments. (approximately two-thirds)adopta standard advertisements 2 Most magazine modality.
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When more than one model is shown, gender makes no difference to advertising modality. Women are depicted in approximately 70 per cent of advertisementsin the magazinesin question; men in approximately 30 per cent of comparable advertisements.



Table 2.3



Modalityand gender in magazineadvertisements.



} F*qr' ; ;; Person



Standard



Male n



139



o/o



Female n



59.7



310



Factual



Fantasy



q Total



54



40



233



23.2



17.2



100.0



54



92



456



11.8



20.2



100.0



o/o



68.0



Body part n



27



2



11



o/o



67.5



5.0



27.5



100.0



Female group n



6



52



36



10



o/o



69.2



19.2



Male group n



29



o/o



63.0



Total n o/o



541 65.4



I 19.6 129 15.6



11.5 I 17.4 157 19.0



40



to0.o 46 100.0 827 100.o



Such conclusions are relevant to a visual content analysisbased on theoretical conceptsfrom semiotics.As has been emphasizedearlier in this chapter, any theoreticallyspecificvariableand the valuesofwhich it is comprised,canbe quantified provided that it is explicitly definedand can thereforebe reliably coded.



RELIABILITY 'Reliability'



refers to the degreeof consistenryshown by one or more coders in classii'ing content accordingto definedvalueson specificvariables.Reliability can be demonstratedby assessingthe correlation between judgements of the same sampleof relevant items made by different coders ('inter-coder reliability') or by one coder on different occasions('intra-coder reliability').



Measuring reliability As content analysisclaimsto be objectiveand thereforecapableof being replicated, it must be reliableor consistentif its resultsare to be of value.Reliabilityis a simple
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but important concept.It canbe thought of asa quantitativeindex of the consistenry or lack of measurementerror in a particular content analysis.Obviously, if a tool usedfor measuringany quality (saythe lengthsof objects)doesnot yield the same value eachtime it is applied to a given object, then it is not a reliableor consistent tool. Although content analysisis not literally a tool in the physical sense,it is a method of classificationand of quantification, so its definitions must be precise enoughto be usedreliably. To achievehigh levelsof reliabiliry, the researchermust: (a) Definethe variablesand valuesclearlyand preciselyand ensurethat all thesedefinitionsin thesameway. codersunderstand (b) Trainthecodersin applyingthedefinedcriteriafor eachvariableandvalue. (c) Measurethe inter-coderconsistency with whichtwo or morecodersapply similarto, but not part of, the criteria(definitions)usinga setof examples corpus. the research If only one coder is to be employeda pilot (trial) study should be conducted to measureintra-coderreliability' Have the coder classif'50-100 exampleson all relevantvariables.A week later, repeatthe procedure (without, of course,referring to the previousresults).Correlatethe two setsof classifications. Severalmethodshavebeendevisedfor quantitnttg reliability. The two which requirethe leastmathematicalsophisticationare per cent agreementand'pi'. Per cent agreement Simply calculatehow frequentlytwo codersagreein their judgements,ensuringthat they are both testedon the same,largenumber of items (that is, on a representative rangeof variablesand values).For the mathematical,an index can be calculatedas in the exampleof Table 2.4,which tabulates(hypothetical)data from a pilot trial of 100classificationswith four coders.



with four coders. datafrom a pilottrialof 1O0classifications Table2.4 Hypothetical *, % Agleement 80 60 90



Gffirs !9'r, 1,2 1,3 1,4



thethreepercentages: reliability- average Calculating = 76.70/o (0.767) Reliability= (80+ 60+ 90)0/o1300 If thesewere actual results,the researchermight choosenot to employ the 'aberrant' most coder in the next stagesof the researchproject, so that the average reliability (betweenthe other three coders)was higher (0.85).Even here,however, the level of reliability is below what is usually recommended,namely 0.9 or 90 per cent.
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With four coders,such an index is rather artificial. It assumes(arbitrarily) that one coder is the norm and averagesthe others' respectiveagreementswith this norm. There are two rather technicalpoints to bear in mind. First, a high frequency of items classifiedas 'miscellaneous'or 'other' will spuriously inflate the apparent level of reliability. Lessthan ten per cent of items should fall into this categoryan any variable.Second,the fewer valuesthere are on a given variable,the more likely there is to be agreementbetweencoderswhich is basedon chancerather than on similar judgementsaccordingto the definitions.Sobinaryor tripartite classifications would needto be closeto 100per cent reliable. 'Pi': a more sensitive measure of reliability Becausethe index (above) ignores the fact that two coders may agreein their judgementspurely by chance(and that this is, of course,a function of how many valueshavebeen specifiedon particular variables),a better index hasbecomemore widely used.For example,if a coder is askedto judge whether imagesshow either a male or female, 50 per cent agreementcould occur by chance (without even looking at the images).With five valueson a variable,20 per cent agreementwould be expected.And so on. But such agreementis not really indicative of reliability. So Scott (1955) has proposed one of severalmore subtle formulae for assessing reliability by taking account of chanceagreementsbasedon the number of values distinguishedin a given content analysis:'pi'. pi = (per cent observedagreement) - (per centexpectedagreement)/(1 per cent expected agreement) However,this assumesthat the researchercan statethe expectedpercentagesfor all values on all variablesin advanceof the coders'judgements being made. This is becausethe percentageof expectedagreementis the sum of all the squaredpercentagesof all categories.So if there are six valueson a variable,and if the expected and obtainedpercentagesare asbelow, the pi coeffrcientor index would be calculated thus: Variable: occupational role Business Hospitality Sport Academic Leisure (non-sport) Other



Expected frequency



E.f. squared



20% (O.2O',) 1 O %( 0 . 1 0 ) 30% (0.30) 2OVo(O.2O) 1 5 %( 0 . 1 5 ) 5% (0.05)



o.0400 o.0100 0.0900 0.0400 o.0225 0.0025



Expectedfrequency= sum of the squaresof the e.f.values= 0.2050. If two codersclassifringa sampleof 100imagesdepicting occupationalroles in advertisements,for instance,agreedon 95 per cent of cases,then the reliability = 0.94 (the 'pi' value). indexwould be: (0.950-0.205)l(1.00-0.205)
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However, if the obtained agreementbetweenthe codersin the pilot or trial 'expected were found to be low, or if there were fewer or lessevenly distributed 'pi' frequencies',the value of the index would be reduced.As a rule of thumb, a value of at least0.80 should be obtained. If this is not achievedin a pilot trial, the researchershould re-train codersand/or redefinevaluesand re-test the degreeof reliability.



LIMITATIONSAND EXTENSIONS The main limitations of quantitative content analysisconcern the relatively un'manifest content' that it claimsto analyse theorizedconceptsof messages, texts or objectivelyand then to quantifr (seeChapter4). 'content' which are most frequently quantified in The categoriesof visual suchas'roles'depicted, media researcharisefrom commonsensesocialcategories, 'settings' shown, gender and age of representedparticipants in images. Such variablesare not defined within any particular theoretical context which analyses 'angles', scaleof visual semiotic dimensions of texts. That is, the framing, visual 'shot', are visual analysis photographic part discourse of of the and so on, that are thesein terms seldomincorporatedinto (visual)contentanalysis(Chapter7 discusses 'semiotic resources').Nor are categoriesfrom, say,Marxist or neo-Marxist theory of (to take another contentioustheoreticalparadigm) seenas appropriateto quantification. Indeed,T.-W. Adorno (the famouscultural critic) hasquipped that'culture' is, by definition, not quantifiable.Other critics of content analysispoint out that the inferencesthat are madefrom quantificationto qualitativeinterpretation (especially 'bias') thoseinvolving notions of arefraughtwith diffrculties.The cultural complexity ofvisually codedtextsmeansthat either only the most simplistic,sociallyconventional cate-goriescan be studied, or content analysisimports tendentiousor highly interpretedabstractionsinto its ostensibly'objective' definitionsof variablesand/or values. Winston (1990)arguesthat researchpurporting to demonstratetelevisualbiasagainst businessmenfails because,in part, it fails to understandthe (semiotic) codesof television - the way television means to its audience.The result is that coding categoriesusedin researchinto this questionwere frequentlymoralisticand decontextualized.For instance,whethera programmedepictinga businessmanis a comedy 'reads' that character'sbehaviour or a drama would be relevantto how an audience 'negative' and Clowns, the study criticized as or'positive'. However, Crooks,Conmen by Winston, ignored the ways in which different genresare understoodby their respectiveaudiences.(The genresand semiotic codesof tele-films are discussedin Chapter9.) 'violent In a widely influential paper,StuartHall ( 1980)makesa similar point: incidents'in cinematicgenreslike the Westernaremeaningfulonly to audienceswho know the genres'respectivecodes- the goodie/baddieopposition, the conventions relating to resolvingconflict, and so on. In short, content analysiscannot be usedas though it reflectsunproblematicallyor a-theoreticallythe socialor ideologicalworld outsidethe particularcontextofthe medium studied.Second,contentanalysiscannot
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'bias' or be easilycomparedwith someassumed'reality'bywhich to make claimsof 'negative', these let alone'true' or'false', representation. Winston (1990)discusses 'inference'problems in convincing detail.Third, generalizingfrom content analysis results can be difficult, and claims made for the consequencesof the quantitative picture of media content may go beyond what is validly licensedby the data. For example,it is sometimesassumedthat users(viewers,audiences)understandor are affectedby texts, genresor by media content generallyin ways that reflect the kinds 'bias' in of analyticalcategoriesusedin content analysisitself.An exampleis that of televisionreporting of political issues.It is often assumedthat more coverageof one political party than its competitorsmeansthat viewerswill be more likely to favour it. But this is, obviously, an unwarranted inference.At the veryleast,suchan inference would require additional researchin order to be validated. Visual representationsraise further theoreticalproblems of analysis.Many highlycoded,conventionalgenresof imagery(the footballersavinga goal,the'cover girl' from Cleo,thepolitician engulfedby microphones,the academicexpertin front of rows of books) havebecomemedia clich6s.To quantifi' suchexamplesis to imply that the greatertheir frequency,the greatertheir significance.Yet, the easylegibility of clichdsmakes them no more than short-hand, stereotypicalelementsfor most viewers who may not understand them in the way that the codes devised by a researcher imply (see'Looking:form and meaning'in Chapter4 onpage7}).



VALIDITY: GOING BEYOND THE DATA To conduct a content analysisis to try to describesalient aspectsof how a group of texts (in our case,imagesor visualtexts) representssomekinds of people,processes, events,and/or interrelationshipsbetweenor amongstthese.However, the explicit definition and quantification that content analysisinvolves are no guarantee,in themselves,that one can make valid inferencesfrom the data yielded by such an empirical procedure.This is becauseeachcontent analysisimplicitly (or, sometimes, explicitly) breaks up the field of representationthat it analysesinto theoretically defined variables. In this way, it is like any other kind of visual or textual analysis. 'modalifr' Semioticspositsassemanticallysignificantvariablessuchas or'represented participants', or conceptualversusnarrative image elements(seeChapters4 and 7). All systematicmethods of visual analysis(evenpsychoanalyticor iconographic - seeChapters5 and 6) postulatesomefeaturesof images(and not others) as semantically significant,within the images'usual contextsof exhibition and reception. Content analysisdoes this also. What is at stakein conducting this, or any form of visual analysis,is the degreeto which the resulting statementsabout the field analysedcan be said to describefeaturesthat are, in fact, semanticallysignificant for viewers/spectators/'readers' of the images.In other words, does the analysis 'use' the yield statementsthat are meaningful to those who habitually'read' or images? This brings us back to the point at which this chapterbegan.Wheneverwe generalizeabout differencesbetween setsof images,we must implicitly define as
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well asobserveand quantif' the visual material in question.We might, for example, claim that the front pagesof broadsheetnewspapersshow more, although smaller, images,of more activeparticipants,than do tabloid paperspublishedconcurrently. Such a claim is a hypothesiswhich content analysiscould test.To acceptthe claim as true is to accept that something like a systematiccontent analysiscould be conductedand that it would demonstratethe differencesclaimed. The criticism that is most frequently levelledagainstcontent analysisis that 'categories') the variables/values defined(the aresomehowonly spuriouslyobjective. It is claimed that they are as subjective as any semantic variables despite being 'measured' or at leastcounted.However, such a criticism can be turned around, to point to the factthat not only contentanalysisbut all visualor verbalsemiotics,formal and informal, areonly as valid as the explicitnessand reliability of their respective theoreticalconcepts. To make inferencesfrom the findings of a content analysisor any kind of theoreticalanalysisof a group of imagesmeansthat one goes'beyondthe data'making a prediction about the salience,the social or ideological importance, the visual significance of one'sfindings.So it is bestto think of thesefindingsas'conditional''true' until and as bound by their theoretical and methodologicalcontexts,but as unlessthey are contradictedby further evidence. New theorieswill proposethat different variablesof imagesare semantically significantand posit new definitionsby which new generalizationscanbe tested.The principal virtue of content analysisis that it is explicit, systematicand open to such theoreticallymotivated,but empirically grounded critique. Thoughtful, provisional 'positivistic' 'pseudo-scientific'than competing content analysisneedbe no more or methodologies,but it is important to propose the findings of such analysesas conditional to their context.Somequestionsarenot usefrrllyanalysedby suchmethods, and many claimshavebeenmadefor content analysiswhich areimpossibleto justifr. But, asone approachamongothersto describinghowandwhatimagesmean,content analysiscan be a usefulmethodology.The questionof how one can generalizeor'go 'validity', to which I beyond the data analysed'(as I have put it) is the problem of now turn. Content analysis,by itself, doesnot demonstratehow viewersunderstandor value what they seeor hear. Still, content analysisshows what is given priority or salienceand what is not. It can showwhich imagesareconnectedwith which, who 'run'byparticular is givenpublicity and how, aswell aswhich agendasare media.Or, to put theseclaimsmore cautiously,content analysiscan demonstratesuchpatterns ofmedia representationprovidedthat one acceptsthe validityofthe categories(values and variables)definedin the research. 'Validity' refersto the (apparently circular or tautological) concept of how well a system of analysisactually measureswhat it purports to measure.Valid inferencesfrom a particular content analysis,given this definition, will reflect the degreeof reliability in the coding procedures,the precisionand clarity of definitions adoptedand (a lessobviousfactor) the adequaryofthe theoreticalconceptson which the coding criteria are based.Validity refersto the confidenceone can have in the resultsshowingthat the statedtheoreticalconceptsoffer a discriminatingdescription
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'Images of violence' (to return to a controversialexample) of the field being analysed. will be definedin different waysby different theoreticaland pragmaticinterests.For instance,a media student might seethe televisingof accidentalcausesof physical 'violent' injury or deathasa depictionof episodes.However,an alternativetheory of televisedviolencemight excludeaccidents,arguing that'violence' should only refer to what, in their dramatic contexts,are visibly intentional actionswhich are shown to causephysical and/or psychologicalharm. The relative validity of a particular content analysis,given theoreticaldifferencesin the terms in which an hypothesis can be formulated, refers to the degreeto which inferencesare justified from the 'internal' consistenry findings to the theoreticalstatements.Whereasreliability refersto in one's method, validity refersto the external or inferential value of one's research, but it is important givenits theoreticalcontext.This cannotbe quantitativelyassessed, to askof one'sown (and,indeed,of others')researchwhetherit actuallydemonstrates what it purports to demonstrate,whether the variablesand valuesdo allow one to 'measure'the conceptsincorporatedin the hypothesesand their respectivetheories. As we haveseen,content analysisprovidesa quantified dimensionaldescripThe methodologycanbe usedto provideabackground tion of fieldsof representation. '-up'of a domain of visualrepresentation.Having conducteda content analysis,the researchercan then interpret the imagesor the imagery in qualitative ways (using semioticor someother more individual, text-orientedtheory suchasthosedescribed in the other chaptersof this volume). Typical or salient examplescan be further 'what the data mean'. So, having analysedto fill out the qualitative description of shown how frequently and in what contexts,say,imagesof passivefemalesoccur, a researchermight discussthe psychoanalyticor ideologicalsignificanceof the images in terms of metaphors,photographicstyle,historical or socialcontext (seeChapters 4and7).



AN EXAMPLE: TESTING SEMIOTIC HYPOTHESES Images carry connotations and invite individual reminiscence.They may convey a senseof duration or of nostalgiathrough codesof colour, framing and through their public context.An imagecan engagethe viewer in a fetishisticand compulsive 'owns' the image urge to look and look again,encouragingthe sensethat the viewer 'identity' (see'Looking: recognition and identity', in or that it is part of his or her Chapter 4, page 83). None of these experientialpossibilitiescan be defined and quantified very reliably. Yet dimensions of interactive' meaning (involving how 'textual' meaning (including how the viewer is invited to relateto an image) and of images are formally composed or balanced) can be defined and their frequency counted. In Chapter 7 of this book, the systemicfunctional (semiotic)approachto 'manifest content' of imagesthat imageanalysisis presented.By definition, it is the content analysisdissectsand counts, so any unambiguously definable aspectof a group of imagescan be quantified. Insofar as semioticsalso involves an empirical (observational)methodology,it is possibleto usethe analyticalconceptsderivedfrom
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this type of theory as the basis for quantification and, hence, for comparative generalization.So to conclude this chapter, I will illustrate how it is possible to quantifi. someimportant dimensionsof what Kressand van Leeuwen(1996)call the inter-personalsemiosisof imagesfocusing on depictionsof women on women's magazinecovers.I will usetheir semiotic model to define three variables,eachwith severalvalues.Theseare meant only to illustratethe way in which a content analysis of explicitly semioticvariablescould be conducted. The specifiedvariablesand valueswill be usedto codethe two setsof twenty cover-pageimagesfrom CleomagazinereproducedasFigures2.I and2.2. Thesewill be the basisof a partial or small-scalecontent analysisto illustrate that: 1 Comparativehypothesescan be formulated and testedusing reliablecategories relating to the semioticsof visual images. 2 Content analysiscan be conductedby giving precisedefinition to theoretical concepts(in this casefrom semiotics). material. The 3 Objective criteria need to be specifiedfor categorizing criteria must be defined unambiguously.



This small-scaleanalysisof media content will be set out in a conventional science'format, as one might find in psychologyor sociology,for example: Hypotheseswill be formulated; a Procedure(or Method) will be described;Results and discussionsectionsof a typical empirical report will be presented.Under these headings,other conventionalsub-sectionswill be named (such asvariables,values, 'worked' reliability). So this exampleof a theoreticallymotivated empirical analysis will serve as a summarizing overview of the method of visual analysis(content analysis)that hasbeenthe subjectof this chapter. Figures2.1 and 2.2 show respectivelytwenty front coversof Australian Cleo magazinefrom 1972-4and twenty from 1996-7.Thesewill be comparedby means of a content analysis. 'social



Hypotheses Following Kressand van Leeuwen(1996) it is hypothesizedthat the inter-personal meaning of Cleofront pageshas changedbetween 1972 and 1997in the following ways: t9724 The later images present models as more socially distant than covers. The modalitF of the imagesin 1996-7 is lower than in the earlierperiod. The model s' gazeat or gazeaway from the camerais not different between the two setsof images,but the poseof the models (their head,body dispositions) are less'powerful' in the more recentexamples. The 1996-7modelsare more frequentlyblonde, lessfrequentlybrunette, than in the earlierperiod. The later coversdepict modelswho look younger than do thosefrom the earlier period. Models occludethe magazinelogo more frequently in the later period.
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Method:definitions andcriteria Let us begin by defining eachvariableand the respectivevalueson eachbeforeusing theseas criteria to code our small samplesof images.For the sakeof exposition,I will simplifu relevant theoretical semiologicalconcepts (which are the basis for the definition of variablesand valuesin the terminology of this chapter). Variable 1: social distance Kress and van Leeuwen relate the representedsocial distance of participants 1n an image (in our examples,the depictedmodels) to Hall's (1966) discussionof 'proxemics' (the psychologyof people'suseof space): In everydayinteraction, social relationsdetermine the distance(literally and figuratively) we keep from one another. Edward Hall (e.g. 1966: 110-20) has shown that we carry with us a set of invisible boundariesbeyond which we allow only certain kinds of peopleto come. The location of theseinvisible boundariesis determinedby configurationsof sensorypotentialities- by whether or not a certain distanceallows us to smell or touch the other person, for instance,and by how much of the other personwe can seewith our peripheral (60 degree)vision. . . . With thesedifferencescorrespond different fields of vision. At intimate distance, saysHall (1964),we seethe faceor head only. At closepersonaldistancewetake in the headand the shoulders.Atfar personaldistanceweseethe other personfrom the waist up. At closesocialdistancewe seethe whole figure. At far socialdistancewe seethe whole figure.At far socialdistancewe seethe whole figure'with spacearound it'. And at public distancewe can seethe torso of at leastfour or five people.It is clear that thesefields of vision correspondcloselyto the traditional definitions of sizeof frame in film and television, in other words, that the visual systemof size af frame derives 'proxemics', from the as Hall callsit, of everydayface-to-faceinteraction. (Kressand van Leeuwen,1996:I29-3I, italics added)



On this basis a variable of visual representation, social distance, can be dMded into six values:



(a) (b) (c) (d) (e) (f)



Intimate. Closepersonal. Farpersonal. Closesocial. Farsocial. Public.



These are defined in terms of how much of the (human) participant's body is representedin the frame of the respectiveimage, as in Kress and van Leeuwen above(seeChapter 9 for a discussionof socialdistancein relation to the analysisof tele-films). Variable 2: visual modality Again, following Kressand van Leeuwen,visual modality resultsfrom
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(colour,representational Thedegreeto whichcertainmeansof pictorialexpression detail,depth,tonalshades, etc.)areused.Eachof thesedimensions canbe seenasa scale,runningfrom theabsence of anyrenditionof detailto maximalrepresentation of detail,or fromtheabsence of anyrenditionof depthto maximallydeepperspective. And on eachof thesescales thereis a point thatrepresents thewaythegivenpictorial dimensionis usedin whatcouldbecalledstandard To thedegree naturalism. thatthe 'less useof a dimensionis reduced, it becomes, at leastin onerespect, moreabstract, 'more thanreal'.To the degreethat is amplified,it becomes thanreal',andwe associatedthiswith a 'sensorycodingorientation',an emphasis on sensory pleasure(or displeasure, asin thecaseof 'morethanreal'horrorimages), andanattemptto come (Kressand van ascloseaspossibleto a representation that involvesall the senses. Leeuwen, 1996:256) However, the authors argue that modality is context dependent.That is, modality is coded accordingto particular 'orientations' appropriateto different conventionaldomains of representation.The domains they distinguish include scientific/technological, abstract,naturalisticand sensory.A'sensory'coding orientation is appropriateto imageswhich provide sensuousand sensorypleasureto the viewer. Highly saturatedcolour conveyshigh modality in paintings such as nude or'still life' genresand in most modern displayadvertising(seeChapter7). Soavariable,modality,canbe definedasthe represented'realism'ofan image, given the sensorycoding orientation, basedon degreesof colour saturation.Three valuescould be distinguishedon this variable:'high', 'medium' and 'low'. These are relative terms and criteria may be difficult to specifr. But, as has been pointed out in the introduction to this chapter, all values must be defined clearly if reliable classifications are to be made,so, in principle, the caseof modality posesno unique methodologicaldifficulties.We might, then,setthe criteriafor the threevalues thus: (a) High sensorymodality: image useshighly saturatedcolours naturalistically. (b) Medium sensorymodality: image uses,for example,lesssaturated,'washed 'ethereal' out' or use of pastels. (c) Low sensorymodality: imageis monochrome (black-white) only.



Variable 3: behaviour Kress and van Leeuwen also discuss the way interaction between the viewer and the people shown in images is affected by the gaze of the represented participants. Simplif ing this to allow our illustrative example to be outlined, the principal 'image differences between what they call acts' relate to the ways in which images 'offers' 'demands', make or as it were, to their respective viewers (see Chapters 7 and 9): There is . . . a fundamental difference between pictures from which represented participants look directly at the viewer's eyes,and pictures in which this is not the case.When representedparticipants look at the viewer, vectors,formed by participants' eyelines,connectthe participantswith the viewer.Contact is established,even if it is only on an imaginary level.In addition there may be a further vector, formed by a gesturein the samedirection. . . .



CONTENT ANALYSIS OF VISUAL IMAGES



This visual configuration has two related functions. In the first place it createsa visual form of direct address.It acknowledgesthe viewers explicitly, addressingthem with a visual'yo.t'. In the secondplaceit constitutesan'image act'. The producer uses the image to do something to the viewer. It is for this reason that we have called this 'demand': kind of image a the participant's gaze (and the gesture, of present) demandssomethingfrom the viewer, demandsthat the viewer enter into some kind of imaginary relation with him or her. Exactly what kind of relation is then signified by other means,for instanceby the facial expressionof the representedparticipants. They may smile, in which casethe viewer is asked to enter into a relation of social affinity with them; they may stare at the viewer with cold disdain, in which casethe viewer is askedto relate to them, perhaps,as an inferior relatesto a superior; they may seductivelypout at the viewer, in which casethe viewer is askedto desire them. . . .In each casethe image wants something from the viewers - wants them to do something (come closer, stay at a distance) or to form a pseudo-socialbond of a particular kind with the representedparticipant. And in doing this, imagesdefine to some extent who the viewer is (for example, male, inferior to the represented participant, etc.), and in that way exclude other viewers. (Kressand van Leeuwen, 1996:122-3) From a different theoretical perspective, Goffman (1979) has analysed the ways in which gendered bodies are represented in advertisements, distinguishing 'head 'infantile' 'rituals bodily poses. These include several of subordination' or 'bashful knee-bending' canting' (tilting the head down or sideways while looking up), (where one knee is bent) and self-touching (as opposed to holding or performing work with one's hand(s)). He analyses these represented behaviours in terms of power: that is, that these three actions (or behaviours) signify powerlessness, and place the viewer in a position of superiority to the represented participant (model). (Chapter 8 analyses behaviour within an ethnomethodological approach.) Combining the image act analysis of Kress and van Leeuwen's semiotics and Goffman's observations, we could distinguish the following values on the variable called behaviour. (a) Offer/ideal:the model depictedoffers herself/himselfas an idealizedexemplar of a classor attribute, looking away from the viewer (for example,the statuesquepose of a femalemodel displayingclothes). (b) Demand/affiliation (equality):model looks at the viewer,directly, smiling. (c) Demand/submission:model looks down at viewer,not smiling. (d) Demand/seduction:model looks up at the viewer, head canted,smiling or 'pouting'. (e) None of the above. So in our hlpothetical



study, three variables can be defined, with several



values on each, as shown in Table 2.5. Hypotheses relating to each variable have been formulated, in Table 2.5.



Procedure To carry out the actual analysis,two coders would have been trained to classifr imagesaccordingto the specifieddefinitions. Their reliability would be calculated



31



32



HANDBOOK OF VISUAL ANALYSIS



and, if below 0.90,further training would be given until this level of reliability was attained. Coderswould be presentedwith the two setsof imageswhich they classified accordingto the definitions.Eachimageneedsto be presentedseparatelyand individually. The order of presentationwould thereforebe randomized.So that the coders brought no potentially biasing expectationsto the tasks,they should not know the hypothesisbeing tested.Presentingthe imagesgrouped chronologicallyas they are in the magazinebeing analysedwould be likely to lead coders to make similar judgementsabout eachset.(Psychologists call thesepotentiallybiasingconditions of experimentalprocedures'demandcharacteristics'. Theymay leadto codersor subjects in a psychologicalexperiment, or even the researchersthemselves,unconsciously increasingthe likelihood of a hypothesisbeing confirmed.) Table2.5 In our hypothetical studythreevariables canbe defined,withseveralvalues on each.



UaHable



Value



Social distance



1.1 1.2 t.3 1.4 t.5 t.6



intimate close personal far personal close social far social public



Modality



2.1 2.2 2.3



high medium low



Behaviour



3.1 3.2 3.3 3.4 3.5



offer - ideal demand - affiliation demand - submission demand - seduction other



Resultsandanalysis A numericalsetof resultswould be produced,as in Table2.6 (theseare,of course, hypothetical). Statisticalanalysis(such as appropriate'Chi-square'tests)would be applied to show whether the distributions of values for each variable are significantly different betweenthe two periodsbeing compared.



Discussion Acceptingthe dataaspresentedin the table,someof the hypothesescanbe confirmed without explicit definition of criteria. For example,the hypothesisthat the 1996-7
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Table 2.6 Classificationof distance,modalityand behaviourof female models on the front covers of C/eo. 1972-4 and 1996-7.
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modelsare more frequentlyblonde, and lessfrequentlybrunette, than in the earlier period: in 1996-7,only four of nineteenmodelsare not blonde, whereasin 1972-4, 'not ten out of twenty could be judged blonde'. (It could be arguedthat there are more redheadsin the 1972-4 period as well.) The hypothesisthat the later covers depict modelswho look younger than do those from the earlier period required judgementswhich would need to be confirmed by more than one coder or judge 'judged acting independently,perhapsusing a seriesof age-ranges'as the basisof (18 classification yearsand under, 19-25 years,26-30 years,30 yearsand over, for example).You will notice that thesejudgementscan be very difficult and that it is unlikely that highly consistentjudgementswould be madeunlessthe valueson this variablereflectedquite broad ageranges.Perhapsonly two categories could bejudged: 'less than' and'more than' 25 years. The hypothesisthat modelsoccludethe magazinelogo more frequentlyin the later period would be clearlyconfirmed byobservation,being an objectivefeatureof the images:Cleohaschangedits graphicconventionsduring the period under review. Trivial although this observationmay appear,it is a featureof the visual meaningof 'identity', its the coversthat could be significantin showinghow the magazinepresents and so could be analysedaspart of the quantitativecontent analysis. In terms of the more semiotic hypotheses,the hypothetical data show that women on the covers of Cleo magazineare representeddifferently in 1996-7 comparedwith 1972-4.Specifically,the later imagesin the publication are more distant, lessclose-up,than thoseof 25 yearsearlier.Second,modality (in terms of colour saturation)is lower in the more recentmagazines'covers.Third, the modelsdepicted in the 1990sare more likely to be shown in lesspowerful poses,even though they address(gazeat) the viewer equally frequently. The implications of thesefindings could be discussedin terms of changingroles of women, the comparctiveyouth of
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recently famous fashion models, the demographyof Cleo'smarket (now aimed at youngerbuyers),or possiblythe increased'sexualization' of youth culture(and/orof consumerismmore generally).



CONCLUSION Content analysisallowsresearchers to makequantitativegeneralizations aboutvisual and other forms of representation,on the basisof reliable classificationand observation. In the examplepresentedabove,schematicand simplified for the purposesof illustration, empirical results(data) could be usedto support or to refute particular sociologicalor cultural arguments.I hope to havedemonstratedhowto conduct and how to report such a content analysis,and how it could be usedto evaluatesubtle theorization of important aspectsof semiosis.Ideally, however,researchadopting this methodology should supplementand extend its findings by meansof detailed analysisof typical examples.Especiallyin the analysisofvisual texts,content analysis should be seenas only part of the methodologicalarmoury that a researchercan employ.As in all research,the significanceof the information yieldedby this method is only asvaluableasthe theoreticalprecisionof its hypothesesand henceof its defined variablesand values.
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